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Eliciting Ratings

 SI583: Recommender Systems
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Business Models

 How is the recommendation site 
supported?
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Business Models

 How is the recommendation site 
supported?
– Value-addition attached to a 

purchase/circulation etc. service
– Advertisements
– Paid for by content owners 

 Related question: How are raters 
reimbursed/motivated?
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Recap: Sources of  information

 Explicit ratings on a numeric/ 5-star/3-star etc. 
scale

 Explicit binary ratings (like/dislike)
 Implicit information, e.g.,

– who bookmarked/linked to the item?

– how many times was it viewed?
– how many units were sold?
– how long did users read the page?

 Item descriptions/features
 User profiles/preferences
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This class: Eliciting Contribution of  
Ratings/Feedback

Goal: Get users to rate items, and rate the most 
useful items 

 Learning goals:
– What factors seem to matter

– How these are identified

– Design implications of these results.

 Two sets of studies:
– Slashdot commenting 

– MovieLens research on movie rating contribution
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 Slashdot Recommendations [Lampe 
and Resnick]

 What are the recommended items? 
What explicit feedback input is used? 

http://www.slashdot.org/
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 Slashdot Recommendations [Lampe 
and Resnick]

 What are the recommended items? 
What explicit feedback input is used? 
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Story

Comment Comment
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Evolution of  Distributed Moderation

 Why?
– Workload of the moderator (and delay)
– Power of the moderator
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Slashdot - moderation

Moderation 
interface

http://www.slashdot.org/
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Slashdot – meta-moderation

http://www.slashdot.org/
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Story

Comment Comment

Moderation Moderation ModerationModeration

Meta-mod Meta-mod Meta-mod Meta-mod Meta-mod Meta-mod Meta-mod Meta-mod
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The Workload is Distributed

Commented Didn’t

Moderated 16,286 7,783

Didn’t 23,670
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Source: Undetermined
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Unfair Moderations Often Not 
Reversed
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Final Scores Distribution

Source: Undetermined
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Design Implications

 Useful “recommendations” can be very 
quickly be reached in a large 
community with similar norms

 Moderators exhibit selection biases 
which might cause “buried treasures”

 Significant contribution without any 
explicit incentive to contribute
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Rating contribution on MovieLens

 Would you rate movies? Why?

http://www.movielens.org/
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Modelling users’ incentives to rate

 “An Economic Model of User Rating in an 
Online Recommender System”, Harper, Li, 
Chen, and Konstan, Proceedings of User 
Modelling 2005.

 Potential reasons to rate:
– Get better recommendations yourself
– Rating fun
– Non-rating fun (searching, browsing)
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Methodology overview
 Use surveys and rating behavior measurements

 Find numeric “proxies” for qualitative ideas, e.g., 
– a “fun score” derived from number of sessions per 

month, freq. of rating just-seen movies
– a measure of “rareness of tastes”

 Construct a model that expresses overall benefit 
in terms of these attributes

      rating benefit = a1*rec_quality + a2*fun_score + ...

 Regression: Find best-fitting coefficients to match 
reported/estimated benefit
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Some results of  the regression

 Entering additional ratings has a significant 
cost

 Rating benefits through recommendation 
quality are not significant

 Fun is a significant factor influencing rating 
volume
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Insights for Eliciting Ratings

 Making rating more entertaining/less costly 
could be most useful

 Users have different characteristics, so 
personalized interfaces might be helpful.
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Impact of  Social Information

 [Social Comparisons to Motivate 
Contributions to an Online Community, 
Harper, Lin, Chen, and Konstan]

 Starting point: how do users decide how 
much to rate?

 Social comparison theory asserts that 
decisions are often made by comparing to 
others
– experimentally, making social norms visible can 

increase contributions 
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Experimental design

 An opt-in experiment on MovieLens
 Half the group gets a personalized email 

newsletter with social comparison information:
 “You have rated __ movies; compared to others who 

joined at the same time, you have rated 
[less/more/about the same]...”

 Other half, control group, gets non-social 
information

 Measure changes in rating behavior after 
newsletter
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Experiment Results

 All three types in the experimental group 
rated more than the control group – especially 
the below-average group.

 This suggests that social information about 
ratings can influence users’ rating behavior

 Surveys report that most subjects did not 
mind receiving comparison information
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Summary: Eliciting Ratings

 Fun/Intrinsic enjoyment often enough

 Social information useful

 Also potentially useful:
– rewards in terms of a reputation, privilege, e.g. 

“karma points”

– monetary rewards for contribution

    e.g., ePinions revenue shares
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